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14:00-14:10 4SS E:

14:10-15:00 FEIRE—

YHHEE BEERFEBIZ /EEE Fellow

IREEH: BTN RENIGSIERERA S EHRR

IREWEE: HRKRA, FEEEXNNAR, BB ENENEIEINER
BB HIED T IED 30%-80% B9ATiE], FEit, BHREIERE DA
BEEXEE, AREFNEBENMNEENE T IR TN EREIERESD
MIEZR. ZERBGEIRIZE A EZMRXERTMU AR ERERTE—i, &
R T REF OB IMSBEPNEIRIIRE, EaUENT A, &
fa, G5 BEINAEG, GSIERTEERNREZIEREDINE,
NABNNE T ZERMAFF LN DA ES KA,

mEABEN: XNHEE, FEXRFHE, BEREAFTITXIANEE, IEEE
Fellowo TZMAR A MZRI@EENEFS, XEAATMDHNXAEE
#E. 2020 X 3% IEEE Visualization Academy, 318 1 CCF A 3£ %= i IEEE
VIS(VAST) 2016 #1 2017 B9 XX ERE, |IEEE VIS 2020-2023 {56 FZ R =
5i; 38 {E£ IEEE Transactions on Visualization and Computer Graphics
8l £ 4% (Associate editor-in-chief) . BERZE; BECCFAZEETI
Artifical Intelligence 48 Z; #BE IEEE Transactions on Big Data #1 ACM
Transactions on Interactive Intelligent Systems FY4RZ.
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15:00-15:40 FFIRE—

TEX BEXRFRINARA

RERH: B &REFARERREL

BREWRE: INBEBEERGEERNSEGERAE. BUMGEE O
[0 5 S M 18R 3T ISz B A R B R B3 B 5 1 P15 B SR % 10 75 B9 1B
BEANEN: PEX, FERFHFIARRE, KEBBE, HL4EFIW,
FERERBINGEBERAA S HITHETERR. ERNFFTEEEZMBR
Bl tEATBARAZBERESMAITNESRT 2 M5EREARE
HEEWMABE 5T, RRFARILN 300 ZFKE, BFEE IEEE TMIL Med Image
Anal. IEEE TUFFC. IEEE TBME FME AT AT SCI 18X 170 Ro 1EX
W51 5700 £k, H15% 40, 40 ZRICXHEAHATIERE L. FHE.
K. RiEfRE. FERR. FERFIEXEF, 181 [EEE Trans Ultraso
Ferroelectr Freq Control 8 ¥ Associate Editor, Ultrasonics B8 il 5 J
Ultras Med A FII4®Z, Faculty of 1000 B9 Faculty Member, IEEE £ %
EFXIEN= (EMBS) £MEFS5EKGLAIE (BIP) KRAZREZER,
IEEE EiFEBRE SR (IUS) MAEZERSZE R, BEEE DFG. JAE ANR.
EbFIBES FWO. LIS MOST B THEE X,

15:40-16:20 FERE—

EE Bt RFEHIE

REBHE: Small-data Learning for Medical Image Segmentation
BREWE: AER, REFZIFARITRRLEM ZRNA, 10
WAV T EARIT), BEERRELEHFEBE T ALRIANKE, £EEGS
ZEELE, BMU-Net IREFRH LR, BRERER. BEBAME. BT
FIMBAMFEIFLMHRALEWSIAESR, SHEHIGREEGDEIN
BREEAH. REFIMT, MUSTETEERS—RRE ST EE
A HARIEFNRED T, MMESRTNERNEERH, E/mTER
UE A RRV SR EESHR B H#ITY ISR, 74T, NFEFREDEIMS, 5
FEFEGRENEM, 7 LB P SE RN SIRE A HET LR E R,
RS LRSS 2R EMAME. FISIBRMRBEDEIAG, NMBHETNA
REFIRAHITEFEGDEFEANELENAS, FANEERITETR
EFIMNEZFG 7 EMAPTEIGITIES B,

mEAEN: BEF, AILTUVARFIHENFRES. KEHE, AxA
MANEFEEE/RITE, T =F7E IEEE-TPAMI/TMI/TIP. NeurlPS.
CVPR. IJCAI. MICCAI FASUHTNRIATI /| KINARFARIEN 40 RE,
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16:20-17:00

 2021#IR5 BB ARILIE

XX # 5| B 5300 &% (Google Scholar) , #/57E ISBI 2019 C-NMC.
PROMISE12. BraTS2020/2021. MyoPS 2020. COVID-19 2020. KiTS21
ZFEMRFEREEFRIEF, IEEFEERREFEEZSMRAKIEEE
=2BEE. FEMEDEHEEZRTILZERATERFHRAEK. FEIE
MFEFREGRIMOBLZMRARITENFEFAISREEZSEME, H
1B MICCAI 2019 X EFH] MICCAI 2020 n=FFEH. NAE:
https://teacher.nwpu.edu.cn/yongxia.html
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®17T BFREXFRIHER

IREEH: I RERERRPHNINE S SHIREZRAHAR

IR & E: Recently, generative adversarial network (GAN) has shown
its strong ability on modeling data distribution via adversarial learning.
Likewise, cross-modal GAN, which attempts to utilize the power of GAN
to model the cross-modal joint distribution and to learn compatible
cross-modal features, is becoming the research hotspot. In this talk, |
will elaborately introduce several cross-modal GAN approaches based
on adversarial learning proposed by our group to tackle the challenges
in cross-modal retrieval task. Besides, the “extendability” of a cross-
modal retrieval model, which is explored very recently in the research
community, will also be discussed in this talk. | will introduce several
effective knowledge transfer schemes to accomplish the extendability
of existing cross-modal retrieval methods in real retrieval scenarios
such as image-text retrieval and sketch-image retrieval.

BEAEN: 717, MERFREXRFHENRZES TREFRAIEE, K
HEFRRARFREFEAFTFO RREFARFL” o AAHRTFTH
BEEBRASEIMIMINERRER. FIEME. EXIERNAIRTHE
EXEEAR, ESEARARERINEREXERR, HPPEITENFE
= (CCF) #=F A LR RHRIET JCR—X & EHAFIEX 50 RE (B
ESI E#5138X 6 ) , Google FAR5|A 3400 KXo FHFHHEMERE
MAEBREATE 10 R, MIRGEIE 2017 FEFFZHEAARS ACM MM
(CCF-A) &fE1eX R, 2017 FEIRZEARE = ICME (CCF-B) NRES
BILX3HER, 2020 F IEEE ZHEMECH TMM REEXRFEFZINEK
I 6 I, 2R3k 2019 FFE IEEE it BN S ARBIBRAZRSMARN “NiH
FEMRR" M 2020 FEFREATF “FARAMAR” RE,
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09:00-9:10 MEN T

09:10-10:00 FEIREZ

BT BBKFHIR /EEE Fellow

IREFHE: Robotics in Artificial Intelligence Era

|/ & # E: The recent development in information technology and
artificial intelligence has significantly enhanced the development

of robotics. This talk will present the vision and related research
activities on the recent development of robotics enabled by artificial
intelligence, especially in the areas of robotic system, sensor
integration, and human/robot collaborations. The ultimate goal is to
develop theoretical foundations as well as implementation schemes
for robots to increase their efficiency, reliability and safety, and to
achieve a robust and intelligent system performance. The applications
discussed will involve manufacturing automation, biomedical, as well
as services. The challenges and opportunities in the development of
robotic technology and new applications will be discussed.

I/ & A @ 7v: Professor Ning Xi received D.Sc. degree in Systems
Science and Mathematics from Washington University in St. Louis,
Missouri, USA in December 1993. Currently he is the Chair Professor
of Robotics and Automation of the University of Hong Kong. Before
joining the University of Hong Kong, he was a University Distinguished
Professor, the John D. Ryder Professor of Electrical and Computer
Engineering and Director of Robotics and Automation Laboratory
at Michigan State University in United States. He also served as the
founding head of the Department of Mechanical and Biomedical
Engineering at City University of Hong Kong (2011-2013). Dr. Xi was
awarded the first Early Academic Career Award by the IEEE Robotics
and Automation Society in May, 1999. He was also awarded SPIE Nano
Engineering Award in 2007. In addition, he is a recipient of US National
Science Foundation CAREER Award.
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10:00-10:40 FHIREM

BE ALFKFHE

Ik & B B: Natural Language Question Answering over Knowledge
Graph

IREWE: As more and more structured data become available on the
web, the question of how end users can access this body of knowledge

becomes of crucial importance. As a de facto standard of a knowledge
base, RDF repository is a collection of triples. Although SPARQL is a
standard way to access RDF data, it remains tedious and difficult for
end users because of the complexity of the SPARQL syntax and the
RDF schema. An ideal system should allow end users to profit from
the expressive power of Semantic Web standards (such as RDF and
SPARQLs) while at the same time hiding their complexity behind an
intuitive and easy-to-use interface.

In this talk, | first review two categories of existing methods on natural
language question answering (Q/A) over RDF knowledge graph --- one
is IR (Information Retrieval)-based and the other one is called semantic
parsing method. Besides, the game changer --- pre-trained language
model have made great progress in NLP, including KBQA. | will also
briefly review its development and impact on KBQA task.

Then, | will talk about our KBQA system (gAnswer), which is based on
graph matching-based technique. Our method constructs semantic
query graph to represent semantics of natural language question and
answer, and then utilize subgraph matching technique to address
the disambiguation issue in natural language understanding and
query the answer from KB. gAnswer has achieved excellent evaluation
results on multiple benchmarks, and won the championship in QALD-9
knowledge graph QA system competition (hosted by HOBBIT). We share
relevant source codes at Github https://github.com/pkumod/gAnswer
WEAGIN: L2, RARFIXRITENABRE, REEIHSNARAR
ERILKE (JtRAF) HIRERMEEALRFOLELE, BREARE
EEMBFEEESMBREE. 4BF&E75F 2003 F£51 2009 FE Il FHedh
RERFIHEBENRZESERAFR, REIFFINIFEFE LR, HiFt
FANLXIREF 2009 FHREHENFZMFE LA AIESHRR R BN
FELIEER, FEZET 2009 F 9 BMAILRAKE, BrRIVHARTUEEIEE
#IERE, MIREE, CHEETENARENESIREESIEMT, REGRWL
NEREINEE., BRiffRBIFEEE KRR T E1E SIGMOD. VLDB ZF CCF-A
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RHVBHEE IR EFRINR AT / BILX 50 R, 2014 FREFEITE
NF=BARF-FR ( "SEEEMBUIREFHENERMNAERHAR ,
PZEABE ) ; 2017 FREBHBMEARZFFR ( "KNREEWIL
EEE” , LREARE ) ; $E2THTEEERBAESERTA.
RERMATERAFZHERBARRINE; HARBET 21E%ER.
AR, B, 2. SEERMNG ERFSFT IR RENRE,.

10:40-11:20 FHIREHR

S0
~

YHE JEREMEMERKFEHIR

IREHH: BRSO

IREHE: BREBEESHFH, BRENA=FENIIE 1) MRXRZDE
(Human Relation Segmentation) 2R LI ES, BA -IXEK
MESHHARER . ZESERTNARSEELEZERXR, A
KA BRI NHITRIR, I, BITAXTFHESWET —
MEBEIRS , FHR L FE LA 9 BIRVAEZREA HRS (RS HIRR A =, 2)
#8182 EI (referring segmentation) £ EIEATE BAIES RALHER
[ AR, ERIBS RATNBSEARRRER D, FHRH T — MRS
#HIBfE (CMPC) AZERBREAALITAH, HEELIMA CMPC-I (Bf)
EIRAM CMPC-V (f157) 1RR, USOHSZEEGMAMOEIREE, 3) &g
MR ENL (REVERIE) ES FZERIBES LS SMAITENRHATEH#ITE
fii. HEEREERAZEETFEANBRH#ITRERE. RIIBIMEERT—1
M B IRAEAR X RIEIBERRE S BRI RELAZ BN AR IMNFERE,
MBS RATEES MR XKENE ST,

REAEN: XME, LEAE, ES. BEFERNFETFRFEES, &
TEN TR E O, S FHMKEILRFERRBIENER, BF
WERE MR BT (MSRA) SRE21THIAR R, MRANEBERSZEAREED
M (BERSEEBAES, TENURUNKEESE) UNREHITENAR
£ (BAnill. IRERFISED) o HART CCFAXKILX 50 RiE, HfR
F% R & 3=k F TPAMI. 1JCV #1 CVPR Z, Google Scholar 5| F 7800+ /%o
2017 ENEFERMDEEAAIEETE, KCCF-BHRFESEFR. 2
XBAIEREMER. CSIGATTXRFERE, 3R ACM MM 2013, ACM
MM 2021 &{FEIEXE, ACM MM 2012 sfERANEREZ LUK IJCAl EENIN
R, $8SFEIR ChinaMM 2018 F&{EFAEIESCRH PRCV 2020 RIEIEHR
23, K15 10 W1 CVPR. ICCV. ACL HHPMAZERBE, /7T ECCV
2018. ICCV 2019. CVPR 2021 ‘Person in Context” workshop, E{EH
EEREEFFEXEE. BIMPK. ZXRIBLEICCV. CVPR. ECCV FEINLk
KWTIHEE (AC) o
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11:20-12:00 FBIREIS

HMT ARAFHE

HBERE: AVBAESREGR FTRIETIREHAR

BEHE: AMEBEIBAESHTRE, " ERATEENAFERAM
PR ENRRIER, RIMANBWBRAIESRE, FENRER R WIE.
RARPZEE. BRONEF-RIREEITRNRR. IREFESZEPED TE
HIGERIEMBREL, MR —EPTHIRRIEER.

WEAENT: BT, BRAFHEE. FLERIN. ATEEFREFRK.
BREEMFEAESRIE. XEER. BRONFEXMARIE, EEIR
TR =INFET EH A RIEX 40 KB, #BE 10 RIIABLZHEN. BN
1% 2019 SR BN T IR ED IR
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